
Telkom University 2025 School of Computing

BIBLIOGRAPHY

[1] M. S. Jahan and M. Oussalah. A systematic review of hate speech automatic detection

using natural language processing. Elsevier B.V., Aug. 14 2023.

[2] T. Mahmud, M. Ptaszynski, J. Eronen, and F. Masui. Cyberbullying detection for

low-resource languages and dialects: Review of the state of the art. Inf Process Manag,

60(5), Sep. 2023.

[3] R. T. Mutanga, N. Naicker, and O. O. Olugbara. Hate speech detection in twitter

using transformer methods. Int. J. Adv. Comput. Sci. Appl., 11(9):614–620, 2020.

[4] P. K. Roy, A. K. Tripathy, T. K. Das, and X. Z. Gao. A framework for hate speech

detection using deep convolutional neural network. IEEE Access, 8:204951–204962,

2020.

[5] N. A. Angraini and K. M. Lhaksmana. Sentiment analysis about legislative elections

using deep learning with lstm and cnn models. Technology and Science (BITS), 6(1),

2024.

[6] J. Forry Kusuma and A. Chowanda. Indonesian hate speech detection using indober-

tweet and bilstm on twitter. Int. J. Informatics Visualization, 2023. Online. Available:

https://www.joiv.org/index.php/joiv.

[7] K. U. Wijaya and E. B. Setiawan. Hate speech detection using convolutional neural

network and gated recurrent unit with fasttext feature expansion on twitter. Jurnal

Ilmiah Teknik Elektro Komputer dan Informatika (JITEKI), 9(3):619–631, 2023.

[8] Khodijah Hulliyah, Fenty Eka Muzayyanah, and Bayu Aji Setyawan. Multilabel senti-

ment analysis of hate speech using the combination of indo bert lite and bidirectional

lstm-cnn methods with grid search hyperparameter optimization. In 2023 11th In-

ternational Conference on Cyber and IT Service Management (CITSM), pages 1–5,

2023.

[9] Rahmat Hendrawan, Adiwijaya, and Said Al Faraby. Multilabel classification of hate

speech and abusive words on indonesian twitter social media. In 2020 International

Conference on Data Science and Its Applications (ICoDSA), pages 1–7, 2020.

[10] I. Mollas, Z. Chrysopoulou, S. Karlos, and G. Tsoumakas. Ethos: a multi-label hate

speech detection dataset. Complex and Intelligent Systems, 8(6):4663–4678, 2022.

[11] A. D. Asti, I. Budi, and M. O. Ibrohim. Multi-label classification for hate speech and

abusive language in indonesian-local languages. In 2021 International Conference on

Advanced Computer Science and Information Systems, ICACSIS 2021. IEEE, 2021.

42

https://www.joiv.org/index.php/joiv


Telkom University 2025 School of Computing

[12] Yoshua Bengio, Patrice Simard, and Paolo Frasconi. Learning long-term dependencies

with gradient descent is difficult. IEEE transactions on neural networks, 5(2):157–166,

1994.

[13] Kyunghyun Cho, Bart Merrienboer, Caglar Gulcehre, Dzmitry Bahdanau, Fethi

Bougares, Holger Schwenk, and Yoshua Bengio. Learning phrase representations us-

ing rnn encoder-decoder for statistical machine translation. Proceedings of the 2014

Conference on Empirical Methods in Natural Language Processing (EMNLP), pages

1724–1734, 2014.

[14] Armand Joulin, Edouard Grave, Piotr Bojanowski, and Tomas Mikolov. Bag of tricks

for efficient text classification. Proceedings of the European Chapter of the Association

for Computational Linguistics (EACL), pages 427–431, 2017.

[15] Corinna Cortes and Vladimir Vapnik. Support-vector networks. Machine learning,

20(3):273–297, 1995.

[16] Leo Breiman. Random forests. Machine learning, 45(1):5–32, 2001.

[17] J. Devlin, M. Chang, L. K. W., and K. Toutanova. Bert: Pre-training of deep bidi-

rectional transformers for language understanding. Proceedings of NAACL-HLT, page

4171–4186, 2019.

[18] R. K. Kaliyar, A. Goswami, and P. Narang. Hate speech detection using bert and

cnn-lstm models. Inf Process Manag, 2023.

[19] Y. Kim. Convolutional neural networks for sentence classification. In Proceedings of

EMNLP, 2014.

[20] S. Hochreiter and J. Schmidhuber. Long short-term memory. Neural Computation,

1997.

[21] M. Schuster and K. K. Paliwal. Bidirectional recurrent neural networks. IEEE, 1997.

[22] Buddy Media. Strategies for effective tweeting: A statistical review, 2012. Accessed:

2025-01-27.

[23] Kevan Lee. The ideal length of everything online, backed by research, 2014. Accessed:

2025-01-27.

[24] Lucky Surya Haryadi and Bernard Renaldy Suteja. Prediksi penyebaran informasi

di twitter dengan metode pembelajaran mesin dengan fitur linimasa. Jurnal Teknik

Informatika dan Sistem Informasi, 7(1):100–109, 2021. Riwayat Artikel: Diterima 23

Januari 2021, Revisi Akhir 5 Maret 2021, Diterima 12 Maret 2021.

[25] X. Types of posts, n.d. Accessed: 2025-01-27.

43



Telkom University 2025 School of Computing

[26] Said Al Faraby and Ade Romadhony. Pengaruh distribusi panjang data teks pada

klasifikasi: Sebuah studi awal. Jurnal Media Informatika Budidarma, 6(3):1501–1508,

2022. Submitted: 13/06/2022; Accepted: 01/07/2022; Published: 25/07/2022.

[27] R. K. Amplayo, S. Lim, and S.-W. Hwang. Text length adaptation in sentiment

classification. In Proceedings of The Eleventh Asian Conference on Machine Learning,

volume 101, pages 646–661, 2019.

[28] Agung Pambudi and Suprapto Suprapto. Effect of sentence length in sentiment anal-

ysis using support vector machine and convolutional neural network method. IJCCS

(Indonesian Journal of Computing and Cybernetics Systems), 15:21, 01 2021.

[29] Y. Kim. Convolutional neural networks for sentence classification. Online. Available:

http://nlp.stanford.edu/sentiment/, 2014.

[30] T. Mandl et al. Overview of the hasoc track at fire 2019: Hate speech and offensive

content identification in indo-european languages. In ACM International Conference

Proceeding Series, page 14–17. Association for Computing Machinery, Dec. 2019.

[31] Y. Xia, K. Chen, and Y. Yang. Multi-label classification with weighted classifier

selection and stacked ensemble. Inf Sci (N Y), 557:421–442, 2021.

[32] T. Davidson, D. Warmsley, M. Macy, and I. Weber. Automated hate speech detection

and the problem of offensive language. In Proceedings of the 11th International Con-

ference on Web and Social Media, ICWSM 2017, page 512–515. AAAI Press, 2017.

[33] Erryan Sazany and Indra Budi. Hate speech identification in text written in indone-

sian with recurrent neural network. In 2019 International Conference on Advanced

Computer Science and Information Systems (ICACSIS), Bali, Indonesia, 2019. IEEE.

[34] M. Taleb, A. Hamza, M. Zouitni, N. Burmani, S. Lafkiar, and N. En-Nahnahi. Detec-

tion of toxicity in social media based on natural language processing methods. In 2022

International Conference on Intelligent Systems and Computer Vision, ISCV 2022.

IEEE, 2022.

[35] A. Gemelia. Klasifikasi multi-label konten abusive dan hate speech teks twitter di

indonesia menggunakan algoritma convolutional neural network. Online. Available:

https://www.researchgate.net/publication/347400948, 2020.

[36] A. Shukla and D. Arora. Deep learning model for identification and classification of

web based toxic comments. In 2023 International Conference in Advances in Power,

Signal, and Information Technology, APSIT 2023, page 274–279. IEEE, 2023.

[37] R. A. Ilma, S. Hadi, and A. Helen. Twitter’s hate speech multi-label classification

using bidirectional long short-term memory (bilstm) method. In 2021 International

44

http://nlp.stanford.edu/sentiment/
https://www.researchgate.net/publication/347400948


Telkom University 2025 School of Computing

Conference on Artificial Intelligence and Big Data Analytics, ICAIBDA 2021, page

93–99. IEEE, 2021.

[38] Z. Waseem and D. Hovy. Hateful symbols or hateful people? predictive features for

hate speech detection on twitter. Online. Available: http://github.com/zeerakw/

hatespeech, 2016.

[39] S. Ravichandiran. Getting Started with Google BERT: Build and train state-of-the-art

natural language processing models using BERT. 2021.

[40] J. S. Malik, H. Qiao, G. Pang, and A. van den Hengel. Deep learning for hate speech

detection: A comparative study. Online. Available: http://arxiv.org/abs/2202.

09517, Feb. 2022.

[41] M. R. Mahardika, I. P. J. Wijaya, A. R. Prayoga, H. Lucky, and I. A. Iswanto.

Exploring the performance of bert models for multi-label hate speech detection on

indonesian twitter. In 2023 4th International Conference on Artificial Intelligence

and Data Sciences: Discovering Technological Advancement in Artificial Intelligence

and Data Science, AiDAS 2023 - Proceedings, page 256–261. IEEE, 2023.

[42] V. Mercan, A. Jamil, A. A. Hameed, I. A. Magsi, S. Bazai, and S. A. Shah. Hate

speech and offensive language detection from social media. In 2021 International

Conference on Computing, Electronic and Electrical Engineering, ICE Cube 2021 -

Proceedings. IEEE, 2021.

[43] P. Patil, S. Raul, D. Raut, and T. Nagarhalli. Hate speech detection using deep

learning and text analysis. In Proceedings of the 7th International Conference on

Intelligent Computing and Control Systems, ICICCS 2023, page 322–330. IEEE, 2023.

[44] M. Mehta, D. Gada, R. Sharma, K. Chavan, and P. Kanani. Offense detection using

bert and cnn. In 2022 IEEE 3rd Global Conference for Advancement in Technology,

GCAT 2022. IEEE, 2022.

[45] V. U. Gongane, M. V. Munot, and A. Anuse. Feature representation techniques for

hate speech detection on social media: A comparative study. In 2022 International

Conference on Signal and Information Processing, IConSIP 2022. IEEE, 2022.

[46] M. O. Ibrohim and I. Budi. Multi-label hate speech and abusive language detection

in indonesian twitter. In Proceedings of the Third Workshop on Abusive Language

Online, pages 46–57, Florence, Italy, Aug. 2019.

[47] R. Alfina, R. Mulia, M. I. Fanany, and Y. Ekanata. Hate speech detection in the

indonesian language: A dataset and preliminary study. In 2017 International Con-

ference on Advanced Computer Science and Information Systems (ICACSIS), pages

233–238, Bali, Indonesia, 2017.

45

http://github.com/zeerakw/hatespeech
http://github.com/zeerakw/hatespeech
http://arxiv.org/abs/2202.09517
http://arxiv.org/abs/2202.09517


Telkom University 2025 School of Computing

[48] M. S. Saputri, R. Mahendra, and M. Adriani. Emotion classification on indone-

sian twitter dataset. In 2018 International Conference on Asian Language Processing

(IALP), pages 90–95, United States, Nov. 2018.

[49] M. O. Ibrohim and I. Budi. A dataset and preliminaries study for abusive language

detection in indonesian social media. Procedia Computer Science, pages 222–229,

2018.

[50] J. R. Landis and G. G. Koch. The measurement of observer agreement for categorical

data. Biometrics, 33(1):159–174, Mar. 1977.

[51] P. Radiuk. The impact of training set batch size on the performance of convolu-

tional neural networks for various datasets. Information Technology and Management

Science, 20:20–24, 2017.

[52] Yoshua Bengio. Practical recommendations for gradient-based training of deep archi-

tectures. ArXiv preprint arXiv:1206.5533, 2012.

[53] Ian Goodfellow, Yoshua Bengio, and Aaron Courville. Deep Learning. MIT Press,

2016.

[54] François Chollet. Deep Learning with Python. Manning Publications, 2018.

[55] Achmad Yusuf, Randy Cahya Wihandika, and Candra Dewi. Klasifikasi emosi

berdasarkan ciri wajah menggunakan convolutional neural network. Jurnal Pengem-

bangan Teknologi Informasi dan Ilmu Komputer, 3(11):10595–10604, 2019.

[56] Eli Bendersky. The softmax function and its derivative, 2016. Accessed: 2025-01-26.

[57] Takaya Saito and Marc Rehmsmeier. The precision-recall plot is more informative

than the roc plot when evaluating binary classifiers on imbalanced datasets. PLoS

ONE, 10(3):e0118432, 2015.

[58] Chunting Zhou, Chonglin Sun, Zhiyuan Liu, and Francis CM Lau. A c-lstm neu-

ral network for text classification. arXiv preprint arXiv:1511.08630, abs/1511.08630,

2015.

[59] Vinod Nair and Geoffrey E. Hinton. Rectified linear units improve restricted boltz-

mann machines. ICML, 2010.

[60] Chunting Zhou, Chonglin Sun, Zhiyuan Liu, and Francis CM Lau. A c-lstm neu-

ral network for text classification. arXiv preprint arXiv:1511.08630, abs/1511.08630,

2015.

46


